African NLP projects are largely undocumented, unlicensed,
and legally uncertain, and the communities whose languages
are involved have almost no control over the resources being

built from them.
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Introduction

Artificial intelligence (Al) relies on big data to enhance performance.
We analysed 249 African Natural Language Processing (NLP) projects,
focusing on data sourcing, usage permissions, and governance docu-
mentation to promote responsible, ethical innovation.

The PSC framework was applied to the data to help ensure decisions
are made based on factual data, with all the legal checks in place.
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Projects that were found to be 'High Risk’ (Score 5-8) were missing
the necessary legal basis and explicit IP documentation. Most projects
have a medium risk score.

A significant portion of research was conducted by researchers located
in the Global North.

The projects with the highest risk resulted in the creation of a dataset,
which shows a gap in the datasets being used for African NLP projects.

Figure 4 shows the risk of distribution using a density curve which
identified where most projects sit on the 0-8 risk scale. Higher peaks
indicate the most common risk profile for that specific geography.
Figure 5 visualizes the transparency of usage permissions.
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= Figure 6 shows the projects that are predicted to be "High Risk’ (Score

5-8) based on their funding source.

= Figure 7 shows which project outcomes (e.g., Datasets, Models) carry

the most legal risk.

Copyright & African NLP — PCS Governance Analysis

Figure 2: Governance gaps in African NLP projects reveal licensing, docu-
mentation, and equity challenges.

Licensing Gap: Dominant status remains “NotStated " or “Ambigous”
across 5 of 6 cluster.

Documentation deficit: Standard Practise default to “None Men-
tioned” in 5 of 6 clusters.

Global North funding: only the cluster featuring explicit licensing is
funded by global public source.

University over-dominance: Universities lead 3 of 6 cluster, while com-
munity and government bodies are largely absent.

Copyright Uncertainty: project lack legal foundation, with “Unclear '
copyright spanning 4 of cluster.

Figure 8 shows K-Means (k = 6) tested with five random seeds, pro-
ducing silhouette scores between 0.1233 and 0.1577, all above the 0.10
threshold for meaningful governance data. Despite label switching, the
spread of 249 projects across six groups remains consistent, confirming
the six governance archetypes as stable, reproducible structures that
policymakers can rely on.

Figure 9 shows inertia dropping until k = 3—4 before flattening, while
silhouette scores stay above the 0.10 threshold. Together, they con-
firm stable governance patterns and meet the PCS Framework's Pre-
dictability requirement, validating six archetypes for policy use.

Policy Insight

Finding Evidence Recommendation

‘Not stated' dominates 5/6 Mandate SPDX licences for all public-

Licensing Gap clusters funded NLP data

Documentation 'None mentioned' in 5/6
Deficit clusters

Require Datasheets & Model Cards for all
published datasets

Global North
Funding Skew

Only Cluster 1 has transparent
Global North funding

Create African-led funding streams with
governance requirements

University Over-
Dominance

Introduce community stewardship

3/6 clusters university-led
frameworks

Copyright
Uncertainty

Al-specific copyright exceptions aligned to

‘Unclear' in 4/6 clusters
! African legal context

Single-country projects show
weaker governance

Fund regional NLP governance hubs at

Capacity Inequality SADC/AU level

Figure 3: Key-finding and recommendation
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Figure 7: Categorical Risk Mapping
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Figure 8: Stability check
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