Most African NLP datasets lack clear copyright

and licensing information, creating governance

risks that could undermine responsible Al

development

Our analysis of 249 African NLP projects revealed significant gaps in copyright transparency, licensing clarity, and dataset
governance, highlighting the need for stronger documentation standards and evidence-based Al governance frameworks.

Copyright Compliance and Licensing Patterns
In African NLP Datasets

A Data-Driven Governance Analysis of 249 NLP Projects
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o African NLP research is growing rapidly, with datasets
increasingly used to train language technologies and Al
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systems. e

e However, copyright status, licensing terms, and legal ——
permissions are often unclear or poorly documented,
creating legal and governance risks. Licensing Clariy Distribution

e Existing studies largely describe these challenges, but few Permission Status Distribution
provide systematic, data-driven evidence of governance o ’
patterns across African NLP projects. = T

e This study analysed 249 African NLP projects and 24
governance variables to identify copyright risks, licensing ‘ k3 .
practices, and factors associated with stronger governance. J

e The findings provide evidence to support responsible Al
development, improved dataset stewardship, and policy- $= Res;i;lm_
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informed governance frameworks. I I I

METHODS
Dataset and Research Design
 Project scoping and research questions D I SC U SS I O N

« 249 African NLP project Dataset . . . . . .
. Multivariable | e Governance risk is widespread. 37% of projects are high risk.
_ e Most projects showed partial compliance, with the majority
Data preparation - : T T .
_ _ classified as medium risk, indicating inconsistent governance and
» Data cleaning and Data pre-processing . . . .. . . .
« Feature Engineering and Variable Selection licensing practices. Unclear permissions, ambiguous licensing, and
. missing legal justification frequently occurred together.
Exploratory Data Analysis . g . 5 J. . q. Y 5 T
o : e Explicit licensing and permissions were the strongest indicators of
* Frequency distributions, pattern observations .
* Problem variables found |0W rlsk,
» Cross tabulations o« e . . . .
e Commercialisation orientation and funding source were the

strongest predictors of licensing transparency, while authorship

o

(Modelling and Statistical Analysis

» Copyright risk score modelling

» Variable Relationship analysis 1mMi 1
N NN AT e geography had limited influence. . |
- Governance and risk patterns e Stronger governance supports responsible Al adoption.
Visuellselon cine/ Beplyinen ~ Transparent licensing and dataset stewardship improve trust,
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Dashboard - reuse, compliance, and the sustainability of African Al ecosystemes.
o RI *'(4|E.Es||[naji”;&c- ° . o 0 . . .
| sy sl o Al policy should prioritise licensing transparency, copyright

documentation, and governance standards to support responsible
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