This project provides information on rabies through a
chatbot that can understand and respond to questions

asked in the Sepedi language.

Exploring open access Al tools to improve the efficacy of a Sepedi rabies
awareness chatbot
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The chatbot was able to respond effectively to
rabies-related queries in Sepedi, demonstrating Figure 1 : Radar plot of human validation scores
the potential of Al for low-resource languages.

The use of a retrieval-based model allowed the

utilizes large language models to provide responses to users’
questions using validated medical data. The primary goal of this
chatbot is to create an improved understanding of the disease
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vector embeddings for both user queries and dataset responses. These
embeddings were stored in a similarity search index (FAISS) to enable semantic
retrieval of the most relevant answers. This Retrieval-Augmented approach a
improves system performance for unseen or rephrased Sepedi queries.
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The final chatbot system follows a Retrieval-Augmented Generation pipeline: i
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environments to support rabies awareness in Sepedi-speaking communities.
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