Aggressive cancer isnot caused by one change alone . This
dashboard brings together many cancer signals, including

DNA changes , mutation levels , cancer subtypes, and
pathways to show each patient’s risk more clearly.

Patient-Level Molecular Driver Visualization and
Aggressiveness Profiling Using SAPCS Data
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e Due to the small sample size (h=100) and a low-risk minority class

(n=24), the model is strictly for research/investigative use and must
not be used to direct clinical patient care.
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